Whether and how immigration affects labour markets is a hotly-debated and widely-studied topic. By contrast, the converse question of how emigration impacts labour markets in the source economy has remained largely understudied. In particular, whether outflows of labourers lead to higher wages in their home countries has only been addressed in a handful of studies. This paper contributes to filling this knowledge gap using data from Myanmar. We collected primary household data from rural Mon State, a southern state neighbouring Thailand. Analysis shows that over a quarter of the labour force is currently migrating for work. Relying on variation in local wages at the village level, regression estimates reveal a significant relationship between migration and wages of unskilled agricultural workers. We use measures of past migration in an instrumental variables framework to further show that this relationship is likely causal. Rapidly rising wages in Myanmar bring both opportunities and challenges, and carry deep consequences for the development trajectory of the country.
Introduction
The study of migration impacts on labour markets was long confined to issues of immigration in hostcountries. Since the mid-2000's, economists have also started to look at how emigration affects labour markets in migrant-sending countries -but the topic remains largely understudied (Clemens, 2011) . In particular, the linkages between emigration and wage levels at the source have only been studied in a handful of countries, and are still far from being fully understood (Mishra, 2014) . Given the crucial role that wage levels play in a country's development, and the ever-accelerating pace of global migration flows, there is considerable need for further research on this issue. This study participates to bridging this knowledge gap using the case of Myanmar's Mon State.
Studies of the impact of emigration on wages at the source are rare. One reason such work is scarce is that assessing these impacts is not straightforward. Economic theory is ambiguous on the matter. On the one hand, it tells us that removing migrants out of the workforce will tend to tighten the labour market and lead to rising wages. 1 Migrant remittances raise incomes and buying power, further pulling prices and wages upward. On the other hand, theory also tells us that none of these wage impacts will materialise if there exists an elastic supply of labour (either within the economy or coming from neighbouring areas). If that is the case, every migrant who leaves can be easily replaced by another worker without any upward pressure on wages. The question of whether emigration affects wages is therefore an empirical one.
Estimating the link between emigration and wages empirically is challenging for three reasons. First, even in situations where labour supply is inelastic, migration flows are often not large enough to have an economically significant impact on the wage. Secondly, in many cases wages are also influenced by laws and regulations rather than by market forces, which complicates identification. Third, there is an abundance of confounding factors which tend to influence both migration behaviour and local wages, making it difficult to disentangle the direction of causality. For these reasons, it is not easy to find examples from Europe have examined the impact of emigration on wages in Poland (Dustmann, Frattini, & Rosso, 2015) , Moldova (Bouton, Paul, & Tiongson, 2011) , or the European Union (Elsner, 2013) . We found no similar study examining such impacts in an Asian country.
The methodology we apply differs from most of these existing studies, though it is not uncommon in the broader migration impacts literature. We are constrained by the lack of a panel dataset, which leads us to rely on geographic variation rather than time variation, and prevents us from adopting fixed-effects specifications as in Mishra (2007) or Aydemir & Borjas (2007) . We use measures of past migration to either proxy for, or instrument for, current migration levels. This has often been done in the literature on the effects of migration on education and health outcomes (Acosta, 2006; Hanson & Woodruff, 2003; Hildebrandt & McKenzie, 2005) . We are able to apply these methods because of a unique feature of our data, namely that it collected extensive information not only on current migration, but also on the complete migration history of all present and former household members.
Our results suggest a very strong positive relationship between emigration and rural wages. Many measures of current migration (migrants-to-workforce ratio, share of households with migrants, share of households receiving remittances, etc.) appear significantly related to higher wages, both in peak and slack agricultural season. This is also true of a host of measures of past migration. We find that villagelevel rates of migration prior to the year 2000 (fifteen years before the survey year), as well as two different measures of return migration, are all strongly associated with higher farm worker wages. This holds true whether we use these historical migration variables in reduced form specifications or as instruments for present migration measures. These results suggest that the relationship between emigration and wages is a causal one. Furthermore, our work suggests an emigration-elasticity of wages of about 0.3, which is of comparable magnitude to results by previous studies.
This work bears relevance for the existing literature on emigration and wages in three major ways: empirical, theoretical, and contextual. First, our empirics differ from the existing studies, because we are making use of variation at a much more micro level: we focus on village-level migration and wages across a small region (Mon State) rather than state or national wages. We rely on household survey data rather than regional aggregates. The fact that we are able to detect impacts from variation at such a small geographic scale is in itself remarkable, and highlights a high degree of responsiveness of wages to local labour market conditions. Second, our results focus exclusively on the rural sector, and only on wages for unskilled agricultural workers. Previous results from several of the existing studies suggest that wage impacts of emigration may be driven by the mid-to-high segments of the skill distribution (Aydemir & Borjas, 2007; Dustmann et al., 2015; Hanson, 2005; Mishra, 2007 ), yet we find comparably strong effects for the least skilled segment of the labour market. This informs the theoretical debates relating migration to income inequality, skills, as well as the brain drain literature. Finally, our work is contextually relevant as it is the first study of this kind in Myanmar (and, as far as we know, in Asia). Myanmar-Thailand migration is a hotly-debated, politically sensitive, and economically significant topic on both sides of the border. Though it has been researched before (Chantavanich & Vungsiriphisal, 2012; Turnell, Vicary, & Bradford, 2008) , ours is the first study to empirically estimate its labour market implications.
Data and background

Migration out of Mon state
Mon State is one of the smaller states of Myanmar, located in the southern part of the country along the coast of the Andaman sea. Its capital, Mawlamyine, is the fourth largest city in Myanmar with an approximate population of 300,000. A map of Mon State, indicating survey locations is provided in [ Figure 1 approximately here]
The Mon State economy is largely based on agriculture and fisheries, the main crops being rice, rubber, and tropical fruit trees. Industrial activity is scarce, and mostly limited to the transformation of agricultural or fish products. Though the state is largely agricultural, yields are low compared to big agricultural exporters like Thailand or Vietnam. In fact, due to a late monsoon season, poor soils, and lack of water-control infrastructure, rice yields are also lower than many other rice-producing regions of Myanmar (IFPRI, 2016) . Our data shows that while it is still the dominating activity, agriculture only provides 25% of the rural incomes in Mon State.
The second largest source of income, representing 22% of total, is the cash sent by migrants in the form of remittances. The southern tip of the state borders Thailand, and migration has become one of the pillars of the Mon economy: our data shows that about 40% of all households report having a member currently living in Thailand long-term. Figure A 1 in the appendix shows that the migration trend is accelerating. Migration is competing with agriculture as the primary generator of rural incomes in the State. Our data, which is limited to the rural sector alone, puts the number of migrants at over 230,000 people, or a fifth of the total population represented by the survey (about 1.2 million). 3
The recent history of migration from Mon State to Thailand has its roots in political, rather than economic forces. At the turn of the century, many were displaced by political unrest and found refuge on the other side of the border (Caouette & Pack, 2002; Grundy-Warr, 2004) . Since then, however, migration has increasingly become economically motivated, with unskilled labourers crossing the border to work in Thai farming, manufacturing, and services. 4
What motivates workers to cross the border in search of better-paid opportunities is the wage differential between Myanmar and Thailand. Typical low-skill wages hover around $3-$5 USD per day in Mon State, but can easily be double or triple that in Thailand. Mon state is not the only Myanmar state bordering Thailand, and worker migration is common all along the porous border. However, the historic, cultural and linguistic proximity between Mon and Thai people mean that the ethnic Mon find it easy to integrate into Thai society. Mon State provides more than a quarter of all Myanmar migrants to Thailand (27%).
An important consequence of this massive movement of workers is that the population of Mon state is missing a large share of its labour force. The pyramid in Figure 2 represents the population in our sample, and illustrates the dramatic lack of residents aged 20 to 55 years. This is in striking contrast with the nationwide population pyramid, which features a more standard pyramidal shape (appendix Figure A 2). This picture of a "hollowed out" rural sector is partly what motivates the choice of the Mon economy for our study of migration impacts.
[ Figure 2 approximately here]
State-representative data
The Mon State Rural Household Survey (MSRHS) was collected in June of 2015, and refers to the preceding 12-month period. The sampling used a stratified two-stage design based on the 2014 Population and Housing Census of Myanmar. The primary sampling units were census enumeration areas (EAs), which are segments defined within village tracts and wards. Based on the survey objectives, the sampling frame was limited to rural households, and strata and substrata for the sampling were defined so as to oversample EAs with more activities of interest (rice, rubber, orchards, or marine fishing). The data comes with sample weights to reflect this sampling strategy, and we present both weighted and unweighted analyses to confirm that this does not drive our results. The final sample size was 140 EAs and 1,680 households.
The household questionnaire was administered to 12 households in each of the 140 sample EAs. In each household, we interviewed one primary respondent (usually the head of the household, unless absent). The survey collected complete demographic information on household members, as well as education, health, and occupation. Major sections of the survey were also devoted to income-generating activities both agricultural and non-agricultural. A unique feature of the MSRHS survey is that, in addition to current household members, it recorded details about all migrants, including individuals who left the household for the short-or long-term, as well as the migration history of individuals who have returned.
The collection of these detailed migration information rendered the present analysis possible.
In addition to the household questionnaire, community-level information was also collected in each EA. The community survey was administered in public areas to a select group of up to 6 official respondents. The group of respondents included prominent or knowledgeable members of the community, such as village leaders, religious leaders, youth group or women's group representatives, farmers, etc. Gender-diverse groups were selected where possible. Questions focused on village-wide infrastructure (roads, electricity, waterways, etc.), the availability of services (banking, schooling, etc.), information on local projects and programs, as well as environment factors, natural disasters, conflict, land, and prices.
As far as we are aware, this is the only state-representative dataset which collected observations from all townships in Mon State, and with enough observations to obtain reasonable statistical power.
One concern, however, is the small number of observations we have in each enumeration area (12), leading to possibly substantial sampling error. As long as this noise is random, it will simply reduce the strength of our estimation, so the fact that we find strong significant results is reassuring. However, we cannot rule out the possibility that patterns in the noise are generating our results. Therefore, throughout the analysis, we additionally bolster confidence in our estimates by running bootstrapped specifications.
This should help reduce the concern over sampling error.
Empirical strategy and data summary
The main empirical hurdle in studying the consequences of emigration on the sending economy is that the decision to migrate is endogenous. Migrants are not randomly taken out of households, so we cannot claim that the differences between those who send migrants, and those who do not, are a consequence of migration. This makes the identification of causal effects challenging, and researchers need to rely on econometrics to strip this endogeneity out of their results.
Regression and instrumental variables specifications
Our results section first describes wage patterns and correlates them to geography and migration.
We then we perform regression analysis with a host of control variables. Third, we apply an instrumental variables (IV) framework to reveal causal impacts of migration on wages.
The ordinary least squares part of our analysis follows a standard specification for a crosssectional sample, as follows:
where wv is an outcome at the village level (say, the average wage for unskilled workers during peak season), Mv a variable capturing migration at the village level (say, distance to a border crossing or share of households with a migrant), G is a dummy for gender (as we recorded prevalent wages for males and females separately), Xv is a vector of village-level covariates such as agro-ecology, road infrastructure, extreme weather events, etc., and εv is an error term. Controlling for these covariates takes care of part of the endogeneity issue, namely the part due to factors we can measure ("observed heterogeneity").
The coefficient of interest, a1, captures the relationship between migration and wages. If it is significant, we can infer that there exists a correlation between migration and wages even after the effect of the confounding factors is controlled for.
The ordinary least squares equation (1) would fail to identify a causal effect if there existed omitted variables we did not control for or are not able to measure, but that mattered in explaining migration and wages ("unobserved heterogeneity"). We alleviate some of these concerns by also using measures of past migration as the regressor of interest (for instance, share of households with a migrant 15 years prior). This isolates us from any endogeneity related to current omitted variables. In fact, migration in 2000 was largely motivated by political issues and social unrest, likely to follow different patterns than the economic motivations of today. Nevertheless, some endogeneity concerns related to past omitted factors remain.
In the third part of our results we address the remaining endogeneity by following an instrumental variables (IV) approach, as follows:
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where Zv is an exogenous instrument capturing the strength of migration networks at the village level, and ( 0 " are the fitted values obtained from regressing Mv on Zv and Xv. If the instrument is valid (correlated with Mv but uncorrelated with wv), this specification strips away the remaining endogeneity and we can interpret b1 as capturing the causal relationship that exists between Mv and wv. In the discussion, we further adapt the framework to evaluate impacts on household-level agricultural practices:
where yh is a household-level outcome variable, Mh a dummy variable for whether the household has a migrant, and Hh a vector of household-level characteristics.
Throughout the IV section of our results, we use proxies for migration networks (measures of past migration and return migration) as instruments for current levels of migration. The underlying assumption is that these variables proxy for the strength of migration networks tend to prompt further migration from the same communities. However, the strength of these networks does not directly impact local wage levels, thus making it a valid instrument. If we believe that the migration network proxies we use as instruments satisfy this property, then we can interpret our IV results as causal.
Instrument validity
The use of past migration or migration network variables as instruments for current migration levels is an empirical strategy that has been used frequently in the literature to assess the impact of emigration Finally, Mishra (2007) is one of the few academic papers applying a similar IV strategy to evaluate the impact on wages, using lagged migration rates as an instrument for current migration.
Where historic rates are not available, authors often rely on current migration rate at the village or township level to proxy for the migrant networks and instrument for migration at the household or village level. Damon (2010) instruments for migration with the percentage of households in a community that receive remittances. De Brauw (2010) uses the commune-level percentage of seasonal migrants. Acosta (2006) uses the proportion of families that have a member abroad and the number of international migrants who returned two or more years ago.
In this paper, we employ several of these strategies, and present results of regressions that use four different instruments. As several of the above-cited papers, we instrument with historical migration, specifically the percentage of households who had migrants prior to the year 2000 (more than 15 years prior to data collection). We also use two measures of the proportion of households with return migrants, similarly to Acosta (2006) . Finally, we use the share of households who had migrants 5 years prior at the township level, to instrument for migration at the village level. The hope is that by using an instrument at a higher geographic level we can mitigate the potential for local idiosyncrasies to drive the results (McKenzie & Rapoport, 2007; Woodruff & Zenteno, 2007) .
Although these instrumental variables strategies have been commonly used in previous studies, there remain concerns about their validity. Chief among them is the notion that the instruments may have direct impacts on wages (other than through current migration or remittances), which would violate our exclusion restriction. We attempt to alleviate those concerns by relaxing the assumption of a strictly exogenous instrument to a "plausibly exogenous" instrument, as suggested by Conley, Hansen, & Rossi (2012) . Within that framework, we allow for the instrument to have some direct effect on the outcome variable, and run the analysis under this weakened assumption. Specifically, we relax the assumption that g=0, where g is the correlation between the instrument and the error term in equation (1). Instead we adopt the "local-to-zero" approach as in Conley et al. (2012) and Mitaritonna, Orefice, & Peri (2017), which assumes that the direct impact of the instrument follows a normal distribution centered on zero @~B(0, 9). The variance d of this distribution is estimated by regressing the outcome wv on the instruments Zv, the endogenous variables Mv and the covariates G and Xv. Our results hold strongly under such hypotheses, which reassures us that our conclusions would be valid even under an imperfect exclusion restriction. Table 1 presents summary statistics of all the wage and migration variables we use in the analysis.
Summary statistics
Four types of wages are presented, distinguished by gender (male or female) and season (slack or peak).
Males are paid significantly more than females in both seasons, which is why we control for gender throughout our analysis. We also present three types of migration-related variables we will use in the econometric analysis: measures of distance to Thailand, measures of current migration at the EA level, and proxies for migration or migration networks.
[ We also use a variety of measures of migration, current and past. By all measures, migration is a very common phenomenon. Statistics in Table 1 show that almost half (49%) of households have a migrant, 40% if we limit that to long-term international migrants. Most households receive remittances.
We also computed the ratio of migrants to locals among the working-age population, and find it equal to 0.39, meaning that 28% of the workforce is currently working abroad. 5
The bottom part of the table reports variables we use as proxies for migration networks. The percentage of households from the sample who had a migrant in 2005, at 12%, suggests that migration has increased rapidly over the past ten years. We also use returned migrants as indicators of networks:
the share of households with a former migrant that returned more than two years ago, and the same share for those returned within the past two years. We expect that such measures are related to the ease with which current migrants-to-be can find ways to follow their predecessors. However, they should not be directly related to the wage. If anything, return migrants would add to the local labour force and decrease wages, which is the opposite of what we find. Finally, the count of households with a member abroad (which was estimated during the community survey) gives another proxy for the presence of migrant networks in the community.
[ Table 2 approximately here]
Finally, we also report a set of community characteristics that serve as control variables for our regression analysis. We control for a variety of confounding factors which may affect migration and wages, such as for instance the availability of transportation, which could facilitate travel. We control for the availability of electricity and processing infrastructure, as those facilitate the local development of the private sector and might retain migrants. The availability of mechanised agricultural services is included as it may affect the unskilled labour market. In addition, we control for all types of shocks and disasters, including floods, droughts, social unrest, etc. We culled those variables either from the community survey or from the household survey. Table 2 reports the percentage of communities satisfying each of these criteria.
Migrant characteristics
Those who migrate are mostly young men and women of working age. There are only slightly more male migrants than female migrants: 45% of migrants in our sample are women. The average age of nonseasonal migrants at the time of migration is about 24 years, with no difference between males and females. Further, 75% of non-seasonal migrants were between the ages of 17 and 35 at the time of migrating. Most migrants also have relatively low levels of education, with only 4.9 years of schooling on average. The majority of migrants (84%) have never been to high school. Almost a third of them (29%)
had not finished primary school at the time of migrating. 6 Again, these figures do not vary substantially between genders. The vast majority of migrants already have a relative at the destination, emphasizing the importance of migration networks. This notion of networks underpins our instrumental variables strategy.
Our data also suggest that the propensity to migrate is a universal trend in Mon state, regardless of geography or income class. In fact, wealthier households are more likely to have a migrant (60% of those in the highest income quintile do), which likely reflects both the fact that they can afford sending migrants abroad and the wealth they receive in remittances. About half of the migrants come from a landless household, which means that while landlessness may be one of the push factors, it certainly is not the only driver of migration.
Results
Preliminary evidence: missing labour and wage gradient
A first look at the relationship between migration and wage patterns can be obtained graphically.
We plot the township average daily wage for unskilled rice workers in Figure 3 , together with the migrantsto-workforce ratio in each township. The two lines trace each other almost perfectly. This suggests a very close relationship between the share of migrants that left an area and prevailing wage levels in that area.
In addition, the horizontal axis orders the ten townships from North (left) to South (right), and shows that wages in Mon state are higher in the South, closer to Thailand. This again suggests a correlation between migration and local wages.
[ Figure 3 approximately here]
While these pictures give helpful visual representations of the central insight of this study, they only provide a very crude assessment of the correlation that may exist between migration and wages.
The remainder of this article aims to deliver the nuance and robustness necessary to bolster our hypothesis that migration is among the causal factors that explain high local wage levels.
Correlation between migration and local wages
The geographic wage patterns visible in Figure 3 can be numerically expressed as a correlation between wages and distance to border. We use data at the EA level, to take advantage of the 576 wage observations we have (four in each of 144 EAs: male and female, each in slack and peak seasons). We correlate these wages to measures of distance to Thailand, measures of migration, and proxies for migration networks.
The top two rows of Table 3 show strong negative correlations between wages and distance to Thailand. Slack season wages for males and females are all significantly lower in EAs further away the Thai border using both distance measures. Peak season wages for males and females were also negatively and significantly correlated with distance from an official border crossing, but insignificantly correlated to the nearest point on the border (where fewer migrants cross). The signs and significance of these coefficients confirm the intuition illustrated by Figure 3 , namely that wages are higher in places where travel to Thailand is easier.
The middle section of the table also indicates that wages are positively correlated to all measures of migration, with all coefficients positive and most of them significant. This also confirms the intuition from Figure 3 : there is a strong positive correlation between the current propensity of migrants to leave and all four measures of local wages. Wages are also significantly correlated with the percentage of households who receive remittances (from migrants). The proxies for migration networks (past migration, returned migrants) tend to display slightly lower levels of significance, but still show mostly positive and significant correlations. The last row in the table uses a variable from the community survey: the number of households in a community who have a migrant. Although only two of the coefficients were significant, we also find a positive correlation with wages.
[ Table 3 approximately here]
The above observations demonstrate a robust correlation between migration and wages in the migrant-sending economy, across a wide array of measures. This is consistent with upward pressures on wages as a result of labour shortages, but does not constitute definitive proof of such mechanisms, as a number of confounding factors may be underlying the correlations we find. We try to address these concerns in the following sections. Table 4 presents results from regressions of wage levels (in either peak or slack season) on the migrants-to-workforce ratio in the EA. The specifications pool male and female wages, controlling for gender with an indicator variable, but separate slack and peak season, as the rural labour markets are dramatically different in the two seasons. For each slack and peak seasons, we report results from three specifications, using an increasing number of covariates as controls. In the appendix, we also present results using the percentage of households in the EA who have an international migrant (Table A 4), as well as a specification employing sample weights ( Table A 5) both of which concur with Table 4 .
Ordinary Least Squares (OLS) analysis
The regression analysis controls for several potentially confounding factors. Dummies for each of three agro-ecological zones (coastal, lowland and upland) control for variation in geographic or environmental features. Distance to an urban centre and presence of public transport capture the level of integration with regional markets. Availability of agricultural machinery services and processing infrastructure proxies for agricultural practices and rural development. Machinery services are likely to affect wages because of the substitution between machine and human labour in agricultural production processes. Finally, we control for all forms of natural disasters such as floods, droughts, pests, as well as for different indicators of armed conflict, as such events may affect both wages and the propensity to migrate.
[ Table 4 approximately here] In order to make sure that the results are not driven by some anomaly in our migrants-toworkforce ratio variable, we run a host of regressions replacing it with another right-hand side variable (distance to border, migration measures, or migration network proxies). In total, we use 11 different such variables, and re-run all the specifications from Table 4 . The vast majority of these regressions resulted in a significant coefficient confirming the relationship between migration and wages. We report only the coefficient of interest from 22 of these regressions in Table 5 . Each cell reports the b1 coefficient from a regression of the form of equation (2) with either the peak or slack wage on the left-hand side and all controls included (as in rows 3 and 6 of Table 4 ). In addition, these regressions were bootstrapped with 100 repetitions, to alleviate concerns over potentially noisy estimates.
[ Table 5 approximately here]
The results of Table 5 strongly confirm those of Table 4 : all of the 22 regressions display the expected sign, and the vast majority are strongly significant. Notably, both measures of past migration, which could potentially be less subject to endogeneity issues, yielded highly significant results -as did both measures of return migration. We thus find further strong indication that, even controlling for community characteristics, places that are closer to Thailand, send more migrants, or have stronger migration networks also have higher local unskilled wages.
These results bolster our hypothesis that migration may be leading to higher local wages. However, our regression results may be driven by endogeneity between migration and wage variables, as explained in the methodology section. We turn to an instrumental variables regression strategy to alleviate those concerns.
Instrumental Variables (IV) regression analysis
Our IV strategy relies on instrumenting current levels of migration at the EA level by variables that proxy for the strength of migration networks. To demonstrate the robustness of these results, we present three IV specifications, each with a different instrument/instrumented pair. Specifically, we instrument
(1) the migrants-to-workforce ratio by the share of households who had migrants in 2000;
(2) the current share of households with a migrant by the percentage of households with a returned migrant from more than two years ago; (3) the share of households currently receiving remittances by the percentage of households with a recently returned migrant (within 2 years). In each case, these pairs are used in IV regressions of (instrumented) migration on either peak or slack wages, with the same full set of controls as in our earlier OLS specifications, and also bootstrapped over 100 iterations. 7
Results of the IV regression provide additional support to the notion that migration impacts wages. Table 6 shows that, even when instrumented by migration from over 15 years prior, the ratio of migrants to labour force is positively correlated to wage levels both in slack and peak season. Similarly, international migration and remittances are both positively affecting local wages, even when instrumenting by rates return migration.
Unlike for OLS results, using an IV strategy allows us to reveal a causal relationship: significant coefficients suggest that migration may in fact be causing higher wages, as long as the instruments we use are valid. Test statistics suggest that this is the case: Table 6 reports the value of the LM test statistic, which ranges from 11 to 23. This is large enough to reject under-identification, meaning that the instrument we chose is indeed correlated with the endogenous regressor. We can also reject weak identification, as the F-statistics for the Kleibergen-Paap weak identification test all exceed the critical value of 16.38 (Stock & Yogo, 2005) . Finally, the p-value in the Anderson-Rubin allows us to reject endogeneity of our instruments in all four regressions. These tests provide some measure of reassurance that our instrument is valid, and thus suggest that our specification is, in fact, revealing the causal relationship between migration and upward pressure on local wages.
[ Table 6 approximately here]
We further try to bolster confidence in these results by allowing departures from the exclusion restriction. Appendix 
Implications, Discussion, and Conclusion
The wage differential between Myanmar and Thailand is prompting many workers to seek jobs across the border. Nowhere is this phenomenon more pronounced than in Mon State, where our data shows that over a quarter of the rural labour force is working abroad. Our analysis reveals that the variation in wage levels across rural Mon State is intimately related to migration. Though our results are subject to a number of caveats listed in the empirical section, they nevertheless strongly suggest that emigration is in fact causing a significant upward effect on wages for unskilled agricultural workers. The impact we measure is of a magnitude similar to existing results reported for North American and European countries.
This result was not a given. Areas with a large surplus of cheap labour can send large fractions of their workforce away without experiencing any labour shortage or wage pressure. Mon State is neither very large nor very remote, yet we found enough wage variation between the different EAs to reveal strong impacts. The fact that we were able to identify these impacts both in slack and peak seasons, and with such strong significance, is noteworthy. It suggests that there are no large labour surpluses in Mon State, and labour supply is not very elastic. Or in other words, that rural areas of Mon State still demand labour, and may be having a hard time satisfying that demand.
Higher wages have deep consequences for farmers, who often operate at very low margins and may not be able to cope with rising labour costs. Consequently, theory predicts that farmers will tend to alter their agricultural practices as they face rising wages, in an attempt to reduce labour use.
Documenting this would require additional work, but we can already provide some indication that these mechanisms are taking place. Using a similar IV approach at the household level, we regressed various types of agricultural practices on migration, instrumenting the latter with the share of households in the EA who had a migrant in 2005 (as in equation 3). The results, presented in appendix Table A 9, suggest that migration does have a significant impact on the production decisions of farmers, prompting them to shift away from intensive labour use. Farm households with migrants were less likely to hire workers, less likely to rely on animal drought power for land preparation, and more likely to rely on mechanised transportation. They were more likely to own rubber trees and motor vehicles (suggesting investment) but less likely to hire workers to tap those trees (suggesting prohibitive wages). 8 All of these results testify to the fact that migration may be contributing significantly to the transformation of the rural landscape currently underway in Mon State. They suggest an avenue for future research. and Thailand, is maintained in the short-to-medium run. As long as that is the case, we are likely to see continued migration flows.
While our results only apply to Mon State, the implications are relevant for all of Myanmar. Firstly, cheap labour is an important resource not only for agriculture but also for manufacturing. A rapid rise in wages may prevent small-scale industry to take root and thwart the hopes for economic transition.
Second, as agriculture is already underperforming, the fact that rising wages may create excessive strain on agricultural profits is not to be taken lightly. Our results suggest that rising wages may be prompting mechanization, but further work is required to assess farm profitability and long-term viability.
Economists have speculated that Myanmar might follow an agriculture-led growth path (ADB, 2014) -but the lack of abundant and affordable labour may jeopardize this prospect. 9 Additional work should focus on understanding wage how wages may impact development paths, in Myanmar and abroad.
Figures
Figure 1: Map of survey locations in Mon State
Thailand Figure 2 : Rural Mon State's "hollowed out" population pyramid (2015) Source: MSRHS data, author calculations. Note: 1000 MMK is about 1 USD -though the rate fluctuates. (6) including controls for shocks include 13 indicator variables for weather the community experienced the following in the previous year: flooding, drought, cyclone, crop disease, fire, declining fish stocks, other natural disaster; or ever experienced erosion, soil salinization, declining fish stocks, conflict, control by a nongovernmental armed group. Constant term and shock coefficients omitted in the interest of space. Source: author calculations. *: p<0.05 **: p<0.01 ***:p<0.001 Note: All cells report only the coefficient of interest from a regression of a wage variable (column) on a migration-related variable (row) and all the same controls as in columns (3) and (6) of Table 4 . All regressions were bootstrapped with 100 draws at the EA level. All other coefficients were omitted in the interest of space. Source: author calculations. *: p<0.05 **: p<0.01 ***:p<0.001 Household hired workers (locals or migrants) for rice production -0.461*** Household uses animals for land preparation in rice production -0.440*** Household uses machinery for farm to barn transport in rice production 0.423*** Agriculture -Rubber Household owns rubber trees 0.430*** Household used urea fertiliser for rubber production 0.353*** Household hired workers for rubber production -0.446*** Other
Household engages in resource extraction -0.164** Household owns land motorised transportation asset 0.485*** Source: Author calculation. All specifications include a constant and the following controls at the household level: household head characteristics (age, gender education, local birth), whether household experienced a natural disaster, death, major health event, income disruption, conflict, land loss, price shocks; and at the community level: distance to urban center, agroprocessing infrastructure, access to large farm equipment, access to mechanised services, flooding in past year, declining fish stocks, violent conflict, armed group control, and agro-ecological zone
